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Transitioning from interviewer-administered to self-administered designs in cross-sectional surveys

Executive Summary

In recent years, there has been a shift away from the well-established, interviewer-administered
mode of data collection (IAM), like face-to-face or telephone interviews, towards web- or paper-
based self-administered survey modes (SAM). Mixed-mode designs combining different approaches
of data collection are becoming a standard tool. The reasons for this shift are manifold: increasing
survey nonresponse despite increasing fieldwork efforts, surging costs, and increasing uncertainties
associated with data collection — many long-running international survey programs are calling into
guestion whether the current IAM is still yielding the same, high-quality data at a reasonable cost
and effort. They are thus experimenting with self-administered, mixed-mode survey designs (SAM-
MM) to retain or even increase data quality, while reducing fieldwork efforts and risks associated
with it. However, transitioning survey modes comes with specific challenges, especially in the
context of international, repeated cross-sectional surveys: comparability across modes and thus
across the time series may be impaired. Drawing from experiences of the European Value Survey
(EVS), the European Social Survey (ESS), the German General Social Survey (ALLBUS), the European
Health Interview Survey (EHIS) as well as the Generations and Gender Survey (GGS), this working
paper aims to guide through the changing survey landscape, addressing some of the major
challenges and opportunities of mode transitions for international survey programs.

In line with meta-analytic findings, evidence from these survey programs suggests that SAM-MM
designs may be a promising alternative to (face-to-face) IAMs, potentially reducing coverage and
nonresponse biases and thus increasing representativity of the sample at a lower cost and with less
fieldwork effort. Considering errors of measurement, differences in (observed and latent) mean
scores may be possible, especially regarding sensitive topics. However, first results from EVS, ESS,
EHIS and GGS indicate that the relationships between indicators did not change as much. Differences
could thus potentially be mitigated through ex post harmonization.

In addition to assessing and harmonizing data after it has been collected, many issues can be
mitigated or even avoided through clever design choices. Practical considerations and country-
specific customs have to be taken into account when deciding on the initial mode of contact, mode
choice sequences, and an adequate incentivisation strategy. While some survey programs strive
towards standardization, e.g., by providing guidelines for mode designs for all participating
countries, country-specific adaptations may be necessary to ensure comparably high data quality, as
not all mode designs work equally well in all countries (e.g., due to internet accessibility and
penetration rates, if a web-based SAM component is being included).

Ideally, any changes in survey design should be accompanied by an experimental implementation to
estimate and quantify effects on survey errors. In the case of mode transitions, a parallel run with
separate samples of both the previous and the envisaged new mode design can be used to isolate
mode effects, because time-related exogenous influences are excluded. Moreover, the random
assignment to either the “old” or the “new” modes facilitates causal inferences on mode effects and
finally, data may be used to establish a base line for harmonization in the future. If implementing a
complete parallel run is not feasible, implementation in selected countries may be a viable option (as
in the EVS). Moreover, experimental pilot studies (as in the GGS) or split-designs to test specific
design features, like mode choice sequences or incentivisation strategies (as in ALLBUS or the GGS),
can be useful tools.

Disclaimer: This working paper has not been subject to the full Eurofound evaluation, editorial and publication process.
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As face-to-face IAMs are confronted with major issues, comparability over time is threatened, even
if the same mode of data collection is being retained. Transitioning to a well-designed SAM-MM for
data collection may thus be a promising avenue for the future, especially if the transition is
accompanied by experimental implementation of certain design features.

Disclaimer: This working paper has not been subject to the full Eurofound evaluation, editorial and publication process.
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1. Introduction

For the longest time, conducting large-scale, repeated cross-sectional surveys in a face-to-face,
interviewer-administered mode (IAM) has been considered the gold standard when it comes to data
quality. In recent years, however, studies have faced severe fieldwork difficulties, including higher
refusal and noncontact rates and difficulties with interviewer recruitment and training. Not only are
these developments severely impeding planning with regards to both scheduling and funding, but
they also pose a serious threat to data quality and thus comparability of data over time.

As a result, many large-scale survey programs, such as the European Value Survey (EVS), the
Generations and Gender Survey (GGS), the European Social Survey (ESS), or the European Health
Interview Survey (EHIS) are allowing participating countries to experiment with or implement self-
administered (SAM) study designs, oftentimes combining different self-administered modes of data
collection, like web- and paper-based, in a mixed-mode design (SAM-MM)1. The EVS, for example,
has been allowing experimental parallel runs of a SAM-MM design in addition to the regular face-to-
face setting since 2017 (European Values Study [EVS], 2020), and the ESS is planning to do the same
in 2025 with the aim of switching to a fully SAM-MM design by 2027. In case of the EHIS, most
countries transitioned to some form of mixed-mode design (MM) by the 3rd wave: Most of them to
a SAM-MM, but some of them to MM designs combining both IAM and SAM. These developments
have sparked the interest of survey researchers worldwide: At the biannual conference of the
European Survey Research Association (ESRA) in 2023, the directors of both the European Social
Survey (ESS) and the General Social Survey (GSS) invited “data creators, data users, and survey
practitioners to discuss methodological and statistical challenges for cross-sectional studies
considering such a move.” (O'Muircheartaigh et al., 2023). This led to a lively exchange of
experiences and reinforced the urgency of developing frameworks to help aide mode transitions, as
remaining in the IAM setting may not only become increasingly difficult, but also ever less advisable
with reference to data quality.

While mode transitions from IAM to SAM are certainly accompanied by various challenges, they may
also open up new opportunities: In SAM-MM designs, higher flexibility regarding time and location
of survey completion as well as the option to choose mode based on personal preferences and
targeting of specific groups may help improved coverage and reduce nonresponse errors
(Stadtmiller et al., 2021). The absence of an interviewer in SAM may reduce social desirability biases
especially with regards to sensitive topics (Bosnjak, 2017). In fact, first results from Germany suggest
that SAM-MM surveys “shorten the fieldwork period and lead to higher response rates, while being
more cost-efficient than face-to-face surveys” (Wolf et al., 2021). They may thus pose a “viable
alternative for cross-sectional general population surveys” (Wolf et al., 2021).

Drawing from experiences of selected surveys, we aim to guide through the changing landscape of
data collection in order to help large-scale, cross-sectional survey programs make an informed
decision on survey mode (or mode combination) based on their needs, intentions, and financial
resources. The working paper is structured as follows: Section 2 explores the problems and

1 While mixing modes is possible at all stages of data collection (including recruitment and follow-up phase),
we will focus on combining different modes in the immediate response phase. Differences in initial mode of
contact and mode choice sequencing will be briefly discussed in section 5.6.

Disclaimer: This working paper has not been subject to the full Eurofound evaluation, editorial and publication process.
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challenges of IAM surveys that now motivate an increasing number of survey programs to switch to
SAM approaches, focusing on survey nonresponse, increasing costs, fieldwork difficulties, and the
changing role of the interviewer. Section 3 draws attention to the challenges and opportunities
associated with mode transitions. We will consider both errors of representation as well as errors of
measurement within single-mode and mixed-mode designs and discuss them in the light of current
meta-analytic evidence. A special focus of section 3 will further be comparability both across the
mode change in the context of a time series and between the modes in an SAM-MM design. We will
discuss possible comparability issues, ways of assessing comparability, and ways to prevent (ex-ante
harmonization) or mitigate (ex-post harmonization) comparability issues. Section 4 then gives an
overview of the practice and experiences of different large survey programs (EVS, ESS, the German
General Social Survey (ALLBUS), Generations and Gender Survey (GGS)). All studies we draw from
are conducted in a repeated cross-sectional setting — except the GGS which is a panel survey — with
time series ranging back as far as 1980, in the case of ALLBUS. They all use a probability-based
sampling approach and all of them have been facing fieldwork difficulties that have led them to an
implementation of mode changes at least to some extent to reduce cost and maintain or increase
data quality. Lastly, in section 5 we explore different mode-configuration scenarios, including further
considerations on initial mode of contact, mode choice sequencing, incentive strategies, as well as
the issue of standardization vs. country-specific adaptations. Specifically, we will include the
following scenarios:

1. Fully face-to-face, IAM setting
2. Fully SAM using either
a. Asingle-mode, web-based or
b. Asingle-mode, paper-based design
3. SAM-MM setting using web- and paper-based modes
4. Parallel run of both 1. And 3.

For all scenarios, advantages and disadvantages are weighed up in order to enable readers make an
informed decision on which survey mode to choose going forward. We will conclude with some
additional considerations that should be taken into account before implementing a mode switch.

Disclaimer: This working paper has not been subject to the full Eurofound evaluation, editorial and publication process.
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2. Problems and challenges of IAM

The landscape of data collection has undergone drastic changes in the last decades with survey
programs being confronted with declining response rates coupled with increasing refusal of
potential respondents to participate at all (Beullens et al., 2018; Leeuw et al., 2019). While this trend
is not limited to the face-to-face setting, IAMs are especially vulnerable, as they depend on trained
and experienced interviewers. Increasing fieldwork efforts to raise participation is thus connected to
a sharper rise in survey cost compared to SAM as well as higher risks regarding the scheduling.
Moreover, the role of interviewers is changing, becoming more multi-facetted and complex
(Charman et al., 2024). As a result, interviewer recruitment is becoming more difficult and additional
interviewer training and supervision may be needed, yet again adding to the financial burden of
IAMs. While rising costs are a grave issue, especially in the face of shrinking budgets, the core
problem lies elsewhere: all these issues may impact data quality and comparability of measurement
over time. Thus, remaining in the same survey mode may not yield the same results.

This section will outline problems and challenges IAMs are facing, starting with the general trend of
increasing survey nonresponse across all modes that has led to a striking rise in survey cost. We will
then explain why the face-to-face IAM was especially affected by this development, giving some
insight on fieldwork difficulties and the changing role of interviewers. This section concludes with a
brief outlook on the effects these developments might have on data quality.

2.1 Survey nonresponse

Survey nonresponse is not a new phenomenon. While the COVID-19 pandemic has fuelled the trend,
dropping response rates have been reported long before then. Using trend data obtained from the
Labour Force Surveys of 16 different countries and covering the years of 1980 to 1997, Leeuw and de
Heer (2002) analysed response rates as well as noncontact and refusal rates as three core
components of nonresponse. For data collection, countries may choose between different survey
modes: face-to-face or telephone-based IAM, web- or paper-based SAM, or different types of MM
designs. Even though patterns differed between countries, an overall trend was visible: Declining
response rates coupled with an increase in noncontact rates and refusals to participate. Building on
their previous analyses and covering the years until 2015, Leeuw et al. (2018) found these trends to
continue, with only a small deceleration in the rise of refusal rates.

2.2 Increasing cost

While evidence suggests that all survey modes are affected by this trend, the face-to-face IAM is
particularly vulnerable, as it is more time-consuming and costly to begin with (fixed, set-up costs)
and the cost per completed questionnaire (variable cost, depending on the size of the realized
sample) tends to be higher. Consequently, costs are associated with more uncertainties and tend to
increase at a higher rate compared to SAMs. Analysing the development of cost for ALLBUS and the
ESS Germany between the years of 2002 and 2018, Wolf et al. (2021) observe an increase of up to
200% in survey costs compared to about 125% increase in consumer prices (see Figure 1).

Disclaimer: This working paper has not been subject to the full Eurofound evaluation, editorial and publication process.
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2.3 Fieldwork difficulties

To address the issue of survey nonresponse, many survey programs have started to increase
fieldwork efforts. Unfortunately, this while it may have stabilized response rates, it was not a
necessarily a successful strategy to raise them: Results of the study by Wolf et al. (2021) confirm an
ongoing trend of stagnating and even declining response rates for three large survey programs using
a face-to-face IAM: ESS Germany, ALLBUS and the US-General Social Survey (US-GSS). In the case of
ESS Germany, this was coupled with an increase in refusal rates, while an increase in noncontact
rates could be observed in the ALLBUS. Results of the US-GSS further suggest that response rates are
continually dropping even though fieldwork effort (as indicated by the number of fieldwork days) is
steadily increasing.

This is confirmed by a study by Beullens et al. (2018), analysing data of the seven waves of the ESS
(2002-2014) across the 36 EU countries. They conclude that response rates below 50% are quite
common in Europe, despite an increase in fieldwork efforts: While noncontact rates were declining —
which they took as an indicator for an increase in fieldwork efforts with (successful) multiple contact
attempts — response rates were still dropping, and refusal rates rose (see Table 1 for the case of
Germany). In addition the results by Wolf et al. (2021) presented above, evidence thus suggests that
increasing fieldwork efforts will be successful only to a certain extent.

Figure 1. Costs for ALLBUS and ESS Germany as well as consumer prices, 2002 = 100.
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Note: Price estimates are based on offers from field institutes to carry out the respective survey.
Consumer price indices provided by German Federal Statistical Office

Source: Wolf, C., Christmann, P., Gummer, T., Schnaudt, C., & Verhoeven, S. (2021). Conducting
General Social Surveys as Self-Administered Mixed-Mode Surveys. Public Opinion Quarterly, 85(2),
623-648. https.//doi.org/10.1093/poq/nfab03

2.4 Changing role of the interviewer

While data from the Labor Force Survey show that declining response rates are a problem across all
survey modes, IAMs, once again, are particularly affected by these developments, also because they
rely on trained and professional interviewers. During the COVID-19 pandemic, many surveys were
forced to switch to a survey mode that did not rely on personal contact. Charman et al. (2024) point
out that this led to a wave of retirements of some of the most experienced interviewers in the UK.
Experience, however, is central to raise co-operation rates in IAM settings (Jackle et al., 2013). At the

Disclaimer: This working paper has not been subject to the full Eurofound evaluation, editorial and publication process.
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same time, the role of the interviewer is becoming more complex and multi-facetted. Multiple
contact attempts and higher refusal rates call for more engaging, motivating, and resilient
interviewers, who “now need to be persuaders as well as interviewers” (Charman et al., 2024, p. 13).
As a consequence, extended training and fieldwork monitoring is necessary to retain standards and
ultimately avoid interviewer effects. The greatest advantage of IAMs has been turning into a central
weakness: the presence of an interviewer (Leeuw, 2008).

Disclaimer: This working paper has not been subject to the full Eurofound evaluation, editorial and publication process.
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Table 1. Response rates, refusal rates, non-contact rates, and fieldwork duration for three social surveys, 2002 to 2018

Year ALLBUS ESS Germany US-GSS
Response Refusal Non- Field- work | Response Refusal Non- Field- work | Response Refusal Non- Field- work
rate rate contact in days rate rate contact in days rate rate contact in days
rate rate rate
2002 | 47.3 41.5 4.8 180 51.7 28.2 5.7 178 70.1 26.1 1.5 141
2004 | 45.7 42.4 6.7 134 51.0 32.8 7.0 144 70.4 225 2.4 140
2006 | 41.0 45.8 6.4 157 52.9 25.4 5.0 137 71.2 233 1.1 154
2008 | 40.3 48.2 6.6 176 42.7 32.6 6.4 158 70.4 24.1 1.2 150
2010 | 344 53.4 6.5 155 29.7 39.6 7.4 142 70.3 24.5 1.8 151
2012 | 37.6 49.2 6.5 161 33.7 45.9 4.7 139 71.4 21.0 2.3 170
2014 | 35.0 49.7 7.2 174 314 47.9 7.6 172 69.2 26.4 1.2 195
2016 | 34.9 47.0 10.3 167 30.6 48.0 33 216 61.3 32.7 2.0 229
2018 | 32.3 49.3 10.3 171 27.6 50.4 1.8 188 59.5 36.0 1.6 213

Note: Data were kindly provided by the respective teams; we thank Michael Blohm (ALLBUS) and René Bautista (US-GSS). Data for the ESS is based on Matsuo and Loosveldt
(2013) for ESS 2002-2010, Beullens et al. (2014) for ESS 2012, Beullens and Loosveldt (2016) for ESS 2014, Wuyts and Loosveldt (2019) for ESS 2016, as well as own
calculations for ESS 2018.

Source: Wolf, C., Christmann, P., Gummer, T., Schnaudt, C., & Verhoeven, S. (2021). Conducting General Social Surveys as Self-Administered Mixed-Mode Surveys. Public
Opinion Quarterly, 85(2), 623—648. https://doi.org/10.1093/poq/nfab03

Disclaimer: This working paper has not been subject to the full Eurofound evaluation, editorial and publication process.
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2.5 Effects on data quality and comparability

In light of these developments, it is increasingly hard for face-to-face IAM to retain data quality, as
limiting response bias and interviewer effects comes at a very high cost. Any changes in data quality
may threaten comparability across time. The necessity to consider changing the mode of data
collection is apparent, because remaining in IAM may pose as much of a threat to data quality and
comparability as mode transitioning. In fact, SAM-MM designs are often viewed as a means to
ensure data quality at a reasonable price. To assess the impact of switching survey modes from IAM
to SAM settings, we will discuss differences between modes in, and the effect mode transitions may

have on, data quality and comparability.

Disclaimer: This working paper has not been subject to the full Eurofound evaluation, editorial and publication process.
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3. Challenges and opportunities of mode
transitions

The issues outlined in the previous section show that the decision of survey mode not only affects
timeliness, costs, and logistics, but may ultimately impair data quality as well. Data comparability is
thus threatened, as it may decrease if the same mode is retained. While transitioning from IAM to a
different form of data collection may offer the opportunity to retain or even increase data quality,
the issue of comparability still has to be addressed, as any changes in quality may affect
comparability.

The effects of mode on data quality and comparability can be structured along the lines to the Total
Survey Error Framework (TSE; Groves et al., 2009). The TSE differentiates two types of errors that
are relevant to survey statistics. While errors of representation are linked to coverage issues, i.e.,
differences “between the target population and the sampling frame” (p. 54), sampling, i.e.,
differences “between the sample and the sampling frame” (p. 57), and nonresponse (by affecting
the probability of respondents to participate and complete the survey), errors of measurement are
associated with the validity of the construct, the measure used to assess the construct and the
response given by the participant (see Figure 2)2.

It is obvious that these two types of errors are interlinked, and survey mode can affect them in many
different ways. To give an example, a well-trained interviewer can motivate reluctant respondents to
participate at all, thus raising response rates, increasing coverage, and

2 Both processing and adjustment errors are not as vulnerable to mode effects as they happenafter data

collection. They are thus not the focus of the following sections.

Disclaimer: This working paper has not been subject to the full Eurofound evaluation, editorial and publication process.

10



Transitioning from interviewer-administered to self-administered designs in cross-sectional surveys

Figure 2. The Total Survey Error Framework (TSE)
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Source: Groves, R. M., Fowler, F. J., Couper, M. P., Lepkowski, J. M., Singer, E., & Tourangeau, R. (2009). Survey
Methodology. Wiley Series in Survey Methodology. Wiley.

ultimately reducing nonresponse bias. This would be tapping into the representation side of the TSE.
But they can also influence participants response behaviour during the interviewing process, thus
possibly creating distortions in measurement, both in a negative or a positive way. On the one hand,
they can serve as a motivation giving verbal and (in the case of face-to-face) nonverbal feedback (cf.
Hope et al., 2022), they can minimize distractions and answer queries, thus reducing the cognitive
burden and ultimately limiting satisficing behaviours. On the other hand, the presence of an
interviewer may induce socially desirable response behaviour, interviewers could distort responses
by adding interpretation through recording ambiguous answers as unambiguous, or through giving
suggestive additional information. It is important to note that even though the former would
increase data quality compared to self-administered survey modes and the latter would decrease it,
any changes pose a challenge to comparability across modes in the context of mode transitions.

In order to make an educated decision when it comes to mode switches, a basic understanding of
mode effects is thus necessary. In the following sections, we will outline different ways, survey mode
can affect both errors of representation and errors of measurement in single-mode and mixed-mode
surveys. We will give some empirical evidence on mode effects, drawing from meta-analyses and
systematic reviews. Finally, we will explain, how issues arising from mode switches may be mitigated
both ex ante via design as well as ex post by assessing and adjusting for them.

Disclaimer: This working paper has not been subject to the full Eurofound evaluation, editorial and publication process.
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3.1 Mode effects and the Total Survey Error

The choice of survey mode should always be guided by the research questions, and different data
collection methods may be more or less adequate given the certain concepts to be measured and
the specified target population (Leeuw, 2005). Furthermore, (country-specific) restrictions and
survey customs as well as practical considerations will always influence the decision-making process.
While each mode has its strengths and weaknesses, a basic differentiation between IAM (e.g., face-
to-face, telephone) and SAM (web- or paper-based) is useful. In the case of (SAM)-MM, many
combinations of modes are possible. For example, the mode of recruitment may differ from the
mode of data collection, as is the case when advance or follow-up letters are sent out (Leeuw, 2008).
Different modes can be offered concurrently or sequentially, as in push-to-web designs, where
respondents are invited to an online survey via mail and are only given the option to participate via
paper-and-pencil upon a first or second reminder (Stadtmdiiller et al., 2021). Or different modes can
be used for different parts of the survey, as in a self-administered part for sensitive topics during a
face-to-face survey (de Leeuw, 2008). Focusing in on the two branches of the TSE (see Figure 2), we
will describe how certain mode features may influence errors of representation and errors of
measurement in both single-mode IAM/SAM or MM designs.

3.1.1 Errors of representation

Starting with the right branch of the TSE (see Figure 2), the choice of survey mode may impact errors
of representation through errors of coverage, i.e., differences “between the target population and
the sampling frame” (Groves et al., 2009, p. 54) that may arise due to media usage and practical
consideration. For example, differences in internet accessibility may hinder participation in general
or for specific subgroups in the web mode. Errors of sampling, i.e., differences “between the sample
and the sampling frame” (Groves et al., 2009, p. 57), arise when not all potential respondents in the
sampling frame have the same propensity of being part of the sample, e.g. in nonprobability samples
like online panels. As we are assuming all samples to be probability-based, this error is not as
relevant to our considerations. Finally, nonresponse error refers to differences “between the sample
and the respondent pool”, i.e., potential respondents systematically refusing to participate, e.g.,
because of a lack of motivation or due to discomfort with the mode choices offered.

In addition to the errors outlined above, self-selection may arise in MM designs, as participants may
differ systematically in their mode preference and ability to participate in a certain mode. At the
same time their responses may differ systematically depending on the mode of their participation,
due to the characteristics of the respective mode. In the next section, we will thus give an overview
of mode effects on measurement error to then turn to different ways of assessing, disentangling,
and mitigating both types of errors.

3.1.2 Errors of measurement

Moving from the representation to the measurement side of the TSE, the focus shifts towards
individual responses. Survey modes form the context for the response situation. As such, they can
have subtle effects on any aspect of the response process. Modes may influence all stages of the
response process, such as question comprehension, retrieval of information, judgement, and
response selection (Tourangeau et al., 2000). They may also impact the difficulty perception and
motivational components of the response process and thus increase or decrease respondents’
tendency to answer carefully (optimizing) or carelessly (satisficing) (Krosnick, 1991). Looking at the
consequences for the collected data, we discuss mode effects that change the data quality, mode
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effects that change the scaling (i.e., the measurement units), and mode effects specific to aspects of
socially desirable responding and sensitive questions.

Quality differs between modes when modes make questions easier or harder to understand, or
when modes differ in how well they can maintain respondent motivation and focus. In other words,
comprehension may depend on how we can provide information to respondents. De Leeuw (2008)
states that in IAM, more complex structures can be used, as the interviewer can provide additional
explanations and repair misunderstandings. At the same time, SAM, especially the web mode, allows
for the integration of different media types, thus allowing to use multiple communication channels.
As for motivation, interviewers in IAM may help with engagement, cushion frustrations, and
minimize external distraction. At the same time, the greater temporal and spatial flexibility of SAM
modes may have its own motivation benefits. Lastly, different modes may also reduce or increase
extraneous respondent burden. For example, in telephone interviews respondents must keep many
response options in their working memory while in personal interviews, web, and paper-based
surveys they can relegate that to visual aids.

Scaling differs between modes when respondents translate their internal attributes differently into
the response scheme depending on the mode. This is less of an issue for nominal, manifest concepts
(such as education levels) but certainly an issue for latent constructs, such as subjective well-being,
attitudes, values, or personality. The very same respondent who would choose “somewhat
interested” in politics in one mode, might now choose “interested” in another mode. That is not
necessarily an error. It is simply a different scaling in that “interested” now represents a different
true interest level. Such scaling differences usually do not impact the data quality of the modes in
separation, they only pose a problem if we want to compare responses across modes (e.g., along a
time series with a switch from IAM to SAM). In essence, mode changes may lead to what
psychometricians call a measurement invariance violation (see section 3.3.2 and Box 1).

Lastly, modes differ in socially desirable responding and in how respondents react to sensitive
questions. We emphasize this topic separately from quality and scaling for two reasons. First, the
impact of modes on socially desirable responding and sensitive question responses is a long-standing
area of research with a focus on the differences between IAM and SAM. This is because modes with
interviewers may induce respondents to respond desirably or to shy away from sensitive questions
in ways which SAM modes do not. The second reason is that socially desirable responding may
express itself both as a quality or a scaling problem. It becomes a quality problem if socially desirable
responding becomes outright deceptive (positive, but factually wrong answers). However, more
moderate forms of socially desirable responding still retain all the measured information but with a
slightly shifted scale. If all respondents choose slightly more (or less) favourable responses, then the
response distribution shifts its mean value, but the differences between respondents are retained.

3.1.3 Overlapping effects in mixed-mode designs

Many researchers have pointed out that the choice of survey mode is always a trade-off between
cost and errors, and MM approaches give “an opportunity to compensate for the weaknesses of
each individual mode at affordable cost” (Leeuw, 2005, p. 235). De Leeuw (2005) gives an overview
of different rationales for the implementation of MM designs in different phases of data collection
and their effects on survey quality: During the contact phase, advance notifications may be used to
correct the sampling frame, raise response rates, and enhance credibility and trust, thus reducing
coverage and nonresponse errors without any threats to measurement (given a single-mode
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response phase). During the follow-up phase, reminders can be used to raise response rates, thus
reducing nonresponse errors, but possibly affecting measurement, if combined with the offer of
participating in a different mode of data collection. In the following, we will focus on combining
different modes during the response phase, which is by far the most complex situation: While it may
reduce costs, improve coverage, and improve privacy of measurement (when SAMs are being
offered), comparability across modes and time may be impaired due to differences in representation
and measurement. It is thus central to address mode effects both ex ante via design choices and ex
post using existing methods to assess and mitigate errors (see section 3.3).

3.2 Meta-analytic evidence on mode effects

As the number of studies comparing different types of single-mode or mixed-mode designs has
drastically increased in recent years, it makes sense to first take a look at meta-analytic evidence to
get a general idea of mode effects on errors of representation and errors of measurement.
Reviewing the results of several meta-analytic studies, the study by Bosnjak (2017) can serve as a
valuable guide. With regards to errors of representation, “face-to-face surveys typically achieve the
highest response rates, followed by [paper-based] mail surveys, and Web-based surveys at the
bottom of the response rate league” (p. 19). However, all meta-analyses considered in this study
were conducted in the 80s, 90s or early 2000s, with internet access and penetration rates being
much lower (World Bank Open Data, 2024). In the following paragraphs, we will thus first discuss
internet coverage as a predictor for response rates in single-mode web surveys. We will then draw
attention to the connection of response rates and sample representativity, presenting evidence that
mixing survey modes may in indeed improve representativity, while at the same time reducing
survey cost, if implemented correctly. Finally, we will assess the (limited) meta-analytic evidence on
errors of measurement that points towards differences in response behaviour on sensitive topics.
Strategies to potentially mitigate these differences exists and will be discussed in section 3.3.2.

Regarding single-mode web surveys, a meta-analysis by Daikeler et al. (2020) focused on the
moderators of mode performance in 114 experimental comparisons between web and other survey
modes. Even though internet accessibility has improved during that time frame, web surveys still
fared worse with regards to response rates compared to other survey modes (paper-based mail,
telephone or other). Several moderators could be identified, including the mode of initial contact,
the number of contact attempts, the use of prenotifications, and the survey country. Results from
another meta-analysis elaborate on the last issue suggesting “web surveys achieve high response
rates in countries with high population growth, high internet coverage, and a high survey
participation propensity. On the other hand, web surveys are at a disadvantage [with respect to
differences in response rates to comparison survey modes] countries with a high population age and
high cell phone coverage.” (Daikeler et al., 2022). With regards to cost-efficiency, this may not be as
much of a problem in the web-based SAM as the variable cost is comparatively lower, depending on
the specific design. However, survey nonresponse can be a risk to data quality as well, if sample
composition is systematically distorted due to nonresponse bias. To this end, web-based SAM are
often combined with other (more costly) surveying strategies, like reminders, prenotifications, or
incentives to raise response rates (see section 5.6).

In a meta-analysis on 69 studies comparing representativity and nonresponse bias associated with
different survey modes, Cornesse and Bosnjak (2018) find that single-mode web surveys are indeed
“less representative than other single-mode surveys” (p. 9) when considering external benchmark
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variables. Furthermore, they observe a positive association between using benchmark variables, R-
Indicators, and response rates as different indicators for sample representativity and nonresponse
bias3, suggesting that decreasing response rates may generally be connected to issues of sample
composition. Finally, they find that MM surveys tend to fare better regarding R-Indicators compared
to single-mode surveys, indicating that mixing survey modes may indeed improve representativity of
the sample.

According to Rybak (2023) mixing survey modes was also a successful strategy to reduce survey
costs, if conducted correctly. In a meta-analysis of the ISSP waves 1996-2018 and the ESS rounds 1 to
9 (2002-2018), he found that both single-mode (paper-based) mail and MM surveys lead to lower
nonresponse bias when using internal criteria of representativeness. Contrary to the analysis by
Cornesse and Bosnjak (2018) there was no clear connection between response rates and
nonresponse bias: while leading to the highest response rates, the face-to-face mode did not show
the lowest bias. Rybak concludes that “the switch from face-to-face to other modes should be
considered a great opportunity to raise research quality, even considering possible risks, mainly
some kinds of mode effects”.

Concerning errors of measurement, meta-analytic evidence is still scarce. The abovementioned
review by Bosnjak (2018) finds “that within each of the two classes [SAM and IAM], there are no
substantial differences in terms of social desirability bias, except for the propensity to report
sensitive behaviors” (p. 18f.), with computerized SAMs indicating larger prevalence rates for
sensitive behaviours, followed by paper-and-pencil SAMs and IAMs. As we will see in section 3.3.2,
these differences can potentially be mitigated through ex post harmonization. Other indicators of
measurement quality “point to comparable valid answers to factual questions between [paper-
based] mail, face-to-face, and telephone modes”. As meta-analytic evidence is still limited and does
not yet include effects of mode transitions, we will draw attention to experiences of those survey
programs that already started to implement changes in survey modes in section 4. Those survey
programs that conducted a parallel run (or are planning to do so) are of special interested, as the
data from these random experiments facilitate causal inferences on the effects of mode and mode
switches. Before that, we will now present some general means of assessing and addressing mode
effects as well as effects of mode transitions.

3.3 Dealing with mode effects and effects of mode transitions

Mode effects can be addressed at two different stages in the surveying process. First, before data is
being collected, specific design choices may help increase data quality and/or comparability — with
those two goals interfering with one another in some instances. Second, mode differences can (and
should) be assessed after the collection phase, and some strategies exist to help mitigate errors ex
post.

3.3.1 Ex ante: Design choices

If mode differences are addressed early in the survey planning process, many issues can be avoided,
and errors can be mitigated through clever design choices. Many survey programs strive towards
standardization wherever possible, but idiosyncrasies of certain modes (and countries) may demand

3 See section 3.3.2 for an explanation of different indicators to assess sample composition and representativity.
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some degree of flexibility. In ex ante design choices, standardization, and adaptation have to be
weighed up to ensure high data quality that is comparable across time, mode, and country. Note
that granting countries degrees of freedom in choosing a mode might be easier for programs with
dedicated national teams in those countries than for programs without such national teams.

For example, regarding errors of representation, country-specific differences with regard to the
availability of addresses as well as web coverage and other survey customs can be explored
beforehand and help decrease coverage error. Using the optimal incentivisation strategy can help
reduce nonresponse errors and specific mode choice sequences can be used to decrease cost while
increasing response rates.

Regarding errors of measurement, questionnaires may have to be adapted to the mode of
presentation. Survey complexity may have to be reconsidered to reduce respondent burden if no
interviewer is present to answer queries®. Harmonization may be especially challenging in the case
of sociodemographic variables, as their assessment tends to be a lot more detailed in IAM. The
general layout may have to be optimized for the specific mode, e.g., if mobile devices are to be used.
For MM, the rule of thumb states that in order to ensure comparability across modes, questionnaire
design has to follow the restrictions of the most restrictive mode (Stadtmdiller et al., 2021). While all
these adjustments to the questionnaire are central to ensure data quality (and comparability across
modes in the case of MM designs), they might, at the same time, threaten comparability of data
over time, as any changes in data quality pose a threat to comparability, even if data quality is
increasing. It is thus always necessary to assess relevant aspects of the TSE to mitigate errors were
possible and ensure comparability.

3.3.2 Ex post: Assessment and harmonization

Because not all mode effects can — or should, e.g., in the case of a reduction of social desirability bias
— be avoided through design, it is necessary to assess the quality and the extent of comparability
issues and to use ex-post harmonization strategies to mitigate comparability issues after data have
been collected.

With regard to errors of representation, response rates are usually used as an indicator for
systematic unit nonresponse. An analysis of sample composition and a comparison with external
benchmark criteria can further shed light on errors of coverage and nonresponse. This is usually
done using variables that are not expected to show much variation across modes, such as
sociodemographic variables. Otherwise, deviations between survey and benchmark might be
representation or measurement related. In addition to reporting such differences in percentage
point, R-Indicators, describing the propensity to respond to a survey, are often used as indicators.
When no or insufficient external or benchmark criteria are available, internal criteria may be used
instead, e.g., suggest using the gender balance in heterosexual couples living together in two-person
households, as it should be 50:50 per definition (cf. Rybak, 2023). If assessment reveals that mode
choice does not cause differences in representation, then we can apply the same mitigation
strategies as for representation issues in general, such as adjustment weights or propensity score-
based approaches.

4 While respondent burden is generally considered a larger problem in long SAM surveys, recent results from

the EVS suggest that there are little differences between longer and shorter SAM-MM questionnaires
regarding measurement quality (Cernat et al., 2022).
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Errors of measurement are usually estimated using indicators for response biases, like item
nonresponse, nondifferentiation or straightlining, extreme answers or acquiescence. Response styles
associated with social desirability can either be assessed using specific questionnaires or inferred by
comparing answers in different modes. While this is usually done by evaluating observed mean
differences between modes, methods to investigate measurement invariance can give more insights
on the level at which problems of comparability may occur. Assuming a survey instrument measures
a latent construct (e.g., subjective well-being, depression, optimism, etc.), we would want it to
measure the same substantive construct with the same precision using the same units of
measurement across modes and across time (in repeated cross-sectional surveys). Different levels of
invariance are usually differentiated for multi-item constructs: If configural measurement invariance
is met, latent constructs do not differ in their structure across modes. Metric invariance is the
prerequisite for the analysis of structural relationships (variances and covariances) such as
regression coefficients, and thus serves as the basis for analyses for reliability of scales. Finally, at
least partial scalar invariance is necessary to make meaningful comparisons of latent mean scores.

If scalar invariance is met, but latent means differ systematically between modes, ex-post
harmonization strategies can be used to transform and adjust scores. If scalar invariance is not met,
methods of partial or approximate invariance (alignment, Bayesian approaches; Leitgbb et al., 2023)
can be used to mitigate errors and achieve comparability of latent means. For pseudo-metric (often
latent) concepts, such as values, interests, personality, or attitudes, this allows us to mitigate
comparability issues with ex-post harmonization (e.g., observed score equating in a random groups
design; Singh, 2022; Kolen & Brennan, 2014). Notably, this approach can even be applied to single-
item measures.

Box 1. Measurement Invariance
Comparability, or formally speaking measurement invariance , across measurement contexts

(between modes, across time, or across countries) is a multi-layered issue: Are we measuring the
same substantive construct (configural invariance), with the same measurement precision (metric
invariance), and the same units of measurement (scalar invariance)? In instruments for latent
constructs, respondents may change a different response option based on the presentation of the
response scales (e.g., verbally vs. visually or horizontally vs. vertically). Such violations of (scalar)
invariance may lead to methodological artifacts in the data, like spurious mean differences between
modes. Compared to fundamental differences in the construct, these scaling differences can be
rectified through ex post harmonization.

As for mode switches in the context of long-running cross-sectional survey programs, parallel runs of
both the “old” IAM and the anticipated “new” SAM or MM design provide the best basis to assess
mode differences and establish a base line for harmonization. In these random experiments, time-
related exogenous influences are excluded and the random assignment to either the “old” or the
“new” modes facilitates causal inferences on mode effects. This means that we can directly compare
the response distribution for each variable between IAM and SAM. Due to the random experimental
structure, we would expect the same distributions in both modes. Deviations in distributions then
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quantify the joint effect of different errors of representation and different errors on measurement
between IAM and SAM. If errors of representation have been found to be comparable or sufficiently
mitigated with the approaches detailed above, this implies we can even isolate different errors of
measurement and mitigate them using ex-post harmonization strategies. Parallel runs are usually
implemented once as a transitional stage before a complete switch is being performed. They can
provide quantitative evidence of the effects of changes in mode and/or design. By preceding or
accompanying them with specific experimental settings, like pilot studies or split-sample
experiments, feasibility and impact of certain design choices can be systematically explored.
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4. Practice and experiences from survey programs

Next, we take a look at the practices of several selected survey programs to understand how these
long standing repeated cross-sectional studies have dealt with the changes in survey landscape and
draw from their experiences with mode switches. As mentioned above, all studies use a probability-
based sampling approach and implemented mode switches at least to some extent to address the
difficulties they have been facing. We recommend looking at Table 2 for an overview. Below, we
then address each study in greater detail, drawing attention to the survey type, the initial survey
mode, the (planned or implemented) mode switch, and whether or not they intend to or have
successfully implemented a parallel run of both SAM and IAM survey designs. As all surveys
considered an MM design as most fitting for (experimenting with) mode transitions, we will further
describe their respective mode of initial contact, the mode choice sequence that was used, the
incentivisation strategy as well as other adjustments that were made. We will not describe every
aspect of all surveys and due to the scope of this working paper, we will not be able to present
results from all methodological experiments that were conducted, but rather draw attention to
experiences that are especially relevant to considerations on mode transitions.
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Table 2. Overview of selected surveys

Survey Survey Type Initial survey Mode switch Parallel run Within MM
mode
Initial contact Mode choice Incentives Other
sequence adjustments
EVS Cross-sectional, Face-to-face Optional SAM-MM | Six countries | Postal Web first, paper Unconditional, Matrix design
every 9 years since IAM alongside the IAM in 2017 (recommended) pencil offered after | prepaid for web survey;
1981 including up in 2017 one reminder (recommended), country-specific
to 47 countries (recommended), country-specific adaptations
country-specific
ESS Cross-sectional, Face-to-face Temporary SAM- Planned for 2025: postal first | Experimental Country-specific Country-
biannually since IAM MM in some 2025 or fieldworker implementation in specific
2002 including up countries during assisted first some countries in
to 36 countries COVID, aim of some waves
switching to SAM-
MM by 2027
ALLBUS | Cross-sectional, Face-to-face Temporary SAM- 2023 Postal 2020: concurrent; 2023: Split survey for
biannually since IAM MM during COVID, 2021/2023: Unconditional, SAM-MM to
1980 (West aim of switching to experimental prepaid + reduce length
Germany) /1991 SAM-MM by 2025 tailored sequential | postpaid
(East Germany)
EHIS Cross-sectional, Country- Mostly MM by 3™ - Country-specific | Country-specific Country-specific Country-
three waves since specific, IAM wave specific
2006, including all recommended

EU member states
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Survey Survey Type Initial survey Mode switch Parallel run Within MM
mode
Initial contact Mode choice Incentives Other
sequence adjustments
GGS panel, two rounds Face-to-face MM (Web-based experimental | Country-specific | Push-to-web Experimental Further
with three waves SAM + additional pilot study in experiments in implementation in | experiments
each, since 2004, mode; preferably three three countries some countries regarding
first round in EU, face-to-face IAM), countries reminders and
second round country specific respondent
included Central adjustments selection in
and East Asia and some countries
South America

Note: EVS = European Value Survey, ALLBUS = German General Social Survey, ESS = European Social Survey, EHIS = European Health Interview Survey, GGS = Generations
and Gender Survey, IAM = interviewer-administered mode, SAM = self-administered mode, MM = mixed-mode, SAM-MM = self-administered, mixed mode (web- and paper-

based)
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4.1 European Value Study (EVS)

The European Value Study is a repeated cross-sectional study that has been conducted every nine
years since 1981 and included up to 47 European countries. In 2017, an option to use a SAM or SAM-
MM design alongside the usual face-to-face IAM setting was added along with specific
implementation guidelines to ensure comparability while allowing for necessary country-specific
adjustments. This was accompanied by several methodological experiments. Overall, the
implementation was evaluated positively, and SAM was endorsed as a complement or even a “viable
alternative to face-to-face surveys when conducting general population studies (in Germany)” (Wolf
et al., 2021, p. 644). As multi-national parallel runs like these are rare despite their usefulness when
it comes to an assessment of the effects of mode switches, a closer look at the implementation of
the 2017 EVS survey and the results available so far is warranted.

In the methodological guidelines, a web component with an optional sequential design to “increase
the response rate and the diversity of respondents” (EVS, 2020, p. 33) is endorsed. It is stated that
the sampling frame should be the same for both IAM and SAM, the initial contact was recommended
as mail mode, and an unconditional prepaid incentive was endorsed. None of the six countries
carrying out this parallel run implemented it exactly as stated in the guidelines, as country-specific
adjustments were necessary, and several methodological experiments were conducted to assess
different implementation strategies.

Table 3 gives an overview of the design features of the surveys in participating countries (Denmark,
Finland, Germany, Iceland, Switzerland, and the Netherlands). All countries except the Netherlands
used both web and paper modes, the Netherlands opted for a web only mode using an existing
longitudinal panel as a sampling frame. Of the remaining countries, all used a push-to-web,
sequential design, with Germany implementing methodological experiments for both mode choice
sequence and incentivisation. Only the Swiss sample and parts of the German sample were
implemented with the recommended unconditional incentive; the others used some form of
conditional incentivisation strategy. To reduce overall response burden, four countries utilized
shorter matrix questionnaires (i.e., respondents only saw different, systematically varied selections
of questions) with either a follow-up survey to complement the matrix design (Iceland, the
Netherlands, and Switzerland) and/or a parallel full-length questionnaire (Germany, Iceland, and
Switzerland).
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Table 3. Main country-specific design features of the EVS 2017 mixed-mode field

Design DK FI DE IS NL CH
Feature
Mode(s) Web and paper Web and paper Web and paper Web and paper Web only Web and paper
Contact Invitation by Invitation by letter, Invitation by letter; Invitation by letter; Invitation by e-mail; Invitation by letter,
design letter; push-to-web, paper MM matrix: paper only on push-to-web: paper with
push-to-web: on request. simultaneous (paper, web) vs. request 2nd reminder
paper with 1st sequential (push-to-web)
reminder 3/4 contacts (phase 1/2)
MM full:
simultaneous (paper, web)
3 contacts
Type of Random, Random individuals, Random, individuals, register Random, individuals, | Random selection Random, individuals,
sample individuals, register data data register data among LISS panel register data
register data participants
Incentive Conditional Conditional lottery of | MM matrix: Conditional lottery Standard LISS panel 9€ (10 CHF)
monetary gift cards (10 x €100 5€ unconditional vs. 10€ (10 x 10,000 ISK/63€ | (15€ per hour of unconditional +
incentive and 1 x €500) conditional and 1 x survey completion) conditional lottery for FU
MM full: 100,0001SK/635€) (3 iPads)

5€ unconditional

Source: Luijkx, R., Jonsdéttir, G. A., Gummer, T., Ernst Stéhli, M., Frederiksen, M., Ketola, K., Reeskens, T., Brislinger, E., Christmann, P., Gunnarsson, S. b., Hjaltason, A. B.,
Joye, D., Lomazzi, V., Maineri, A. M., Milbert, P., Ochsner, M., Pollien, A., Sapin, M., Solanes, ., . .. Wolf, C. (2021). The European Values Study 2017: On the Way to the
Future Using Mixed-Modes. European Sociological Review, 37(2), 330-346. https://doi.org/10.1093/esr/jcaa049
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Analysing sample composition and response rates (as indicators for representativity of the sample),
and item nonresponse (as an indicator for accuracy of measurement) in all six countries, Luijkx et al.
(2021) conclude that SAM “was successful in most of the participating countries” and “[SAMs] can
complement the traditional F2F mode in large-scale population-wide surveys; especially if it is
possible to reduce bias and further increase data quality” (p. 343). In fact, SAM outperformed IAM
with regards to response rates in Germany and Iceland with results from Germany suggesting
remarkably lower costs (savings of over 50 percent) and shorter fieldwork time (6 to 8 weeks
compared to 6 months for the IAM; Wolf et al., 2021). With regards to sample composition
(compared to official population data) and item nonresponse, however, IAM performed slightly
better, with